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The traditional region proposal network that using o A AR} dewts TRYAS e, 1ot
the deep neural network(DNN) is composed of two Lo g TRAGA ow FEo A7} Y=XA
loss function that classifies objects and regress the sl o dEsled ARl AdoA TrGAE 23
box coordinates offset. However, it does not Y| E ¢] A (region proposal network : RPN)7} Ap&-
consider the relationship between object score and t} o] BA HAE WMHe %U)d FTRAIYG =S 9
uncertainty of box coordinates. In this paper, we 3 AAYS A}L5A] 2= Selective Search[4] U}
propose the region proposal network considering the EdgeBoxes[5]1&  AF&stgtt. L ©]F&  Faster
uncertainty of box coordinates. To learn the R-CNNI[1]e] RPNE& A|otely AH=53 £58 ZTol &
network, we uses KL-Divergence which represents 2},
the distance between two probability distributions.

We apply it to the existing two-stage object TR & YEYI FHdE 271K &4 o)
detection framework and show that it can improve AeE, A HAE A7 A=A JERES g5
the performance of existing method. = olzl ux} <l E &3 (binary-cross—entropy)&<=o]
3, % wAE g AR olE Fol: I

L. & (regression) gF4=o| t}

DARE, AF AEe AR Hd Bl =g At o Apgto]l TEl= AW HhA B =dAA o]
g FAG o= A AsFE, A=A, AnE EAsk=d, V1o FRIY FF ol oAl
AEF S ol A HoloA] ALLE I 9 A o] nHEFA gerh F, RPN g5 $H Y99 Rol
= Exsu duazs AbLde] ATl Laues Region of Interest)®] A ~3oje} ¥hx e &
b, #ol = DNNE AHgste] & 4% Uehds ARbel RS kA e @ w=dAAE s

x| AL 1ET $FHIY FE UEHIE A
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